Using StyleGAN for
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Semantic Labels
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segmented

1: Person

2: Purse

3: Plants/Grass
4: Sidewalk

Semantic Image Segmentation
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Semantic Image Segmentation




Current Approaches

1. Bigger and Bigger models 2. More Training Data 3. Overfitting Problems



The way we recognize objects as humans




The problem definition

5 Convolutional Layers
Channels: [128, 64, 64, 32, num_of classes]
Dilation Rates: [1, 2, 1, 2, 1]
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The generator turns noise into
an imitation of the data to try
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The discriminator network tries
to identify real data from fakes
created by the generator network.
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Style GAN v2
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Annotated Images




he proposed framework
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Results
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Results
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Handling a Limitation

Pre-trained CNN Model
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Make them similar
to each other!

Teacher Model

Student Model
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